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Abstract

Background: In October 2013, the International Agency for Research on Cancer classified the particul ate matter from outdoor
air pollution as a group 1 carcinogen and declared that particulate matter can cause lung cancer. Fine particular matter (PM,, 5)

pollution is becoming a serious public health concern in urban areas of China. It is essential to emphasize the importance of the
public’s awareness and knowledge of modifiable risk factors of lung cancer for prevention.

Objective: The objective of our study was to explore the public’s awareness of the association of PM, s with lung cancer risk
in China by analyzing the relationship between the daily PM, 5 concentration and searches for the term “lung cancer” on an
Internet big data platform, Baidu.

Methods: We collected daily PM,, 5 concentration data and daily Baidu Index datain 31 Chinese capital cities from January 1,

2014 to December 31, 2016. We used Spearman correlation analysis to explore correlations between the daily Baidu Index for
lung cancer searches and the daily average PM,, 5 concentration. Granger causality test was used to analyze the causal relationship

between the 2 time-series variables.

Results: In 23 of the 31 cities, the pairwise correlation coefficients (Spearman rho) between the daily Baidu Index for lung
cancer searches and the daily average PM, 5 concentration were positive and statistically significant (P<.05). However, the
correlation between the daily Baidu Index for lung cancer searches and the daily average PM, 5 concentration was poor (all r25<.1).
Results of Granger causality testing illustrated that there was no unidirectional causality from the daily PM,, 5 concentration to
the daily Baidu Index for lung cancer searches, which was statistically significant at the 5% level for each city.

Conclusions: The daily average PM,, 5 concentration had a weak positive impact on the daily search interest for lung cancer on

the Baidu search engine. Well-designed awareness campaigns are needed to enhance the general public's awareness of the
association of PM, 5 with lung cancer risk, to lead the public to seek more information about PM,, 5 and its hazards, and to cope

with their environment and its risks appropriately.

(JMIR Public Health Surveill 2017;3(4):e64) doi: 10.2196/publichealth.8078
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Introduction

Methods

Air pollution has become the most severe and worrisome
environmental problem and a major threat to public health in
China[1-4]. Thedaily concentration of ambient fine particulate
meatter <5 umin diameter (PM,, 5) and its negative conseguences
are mgjor public health concerns in China[5-7]. According to
the Global Burden of Diseases Study, PM,, 5 concentration has
been the fifth-ranking mortality risk factor, an estimated 4.2
million deaths were attributed to PM, 5 around the globe in
2015, and PM, 5 contributed to 1.1 million deaths in Chinain
2015 [8]. In 194 Chinese cities, the total estimated premature
deaths and lung cancer deaths attributed to PM,, 5 pollution were
722,370 and 67,452, respectively, in 2014 and 2015 [5]. The
estimated per capita mortality attributable to air pollution by
2050 was projected to be even higher in Chinese megacities

[9].

Lung cancer isthemost common incident cancer and theleading
cause of cancer death in China. New cancer cases and cancer
deaths were estimated to be 733,000 and 591,000, respectively,
every year [10]. The International Agency for Research on
Cancer has classified particulate matter from outdoor air
pollution as a group 1 carcinogen that can cause lung cancer
[11]. Many studies found that exposure to PM,s was an
important risk factor for lung cancer [12-17]. Increasing the
public's awareness of lung cancer is important for early
detection, diagnosis, and intervention of lung cancer.

With the devel opment of awell-established network, the Internet
has become a vital channel for the public to access health
information. About 63% of cancer patients use the Internet to
search for information regarding cancer specifically, and use
of the Internet as a source for oncological information is
increasing rapidly [5,18,19]. Previous studies have demonstrated
that network tools such as Twitter or Google can be used to
examine public interest in disease epidemics and to perform
disease surveillance, by tracking health-seeking behaviors
[20-24].

Baidu is one of the most important Internet big data platforms
in China. According to the Chinese Internet Users Search
Behavior Study, the Baidu search engine is the most popular
among Chinese Internet users, with apriority selection incidence
of 93.1% [25]. The Baidu Index stems from search frequencies
on the Baidu search engine, and is calculated and displayed on
the basis of special keywords by search volume used by netizens
on the Baidu search engine. The Baidu Index can serve asadata
source for determining the awareness of Internet users on
specific topics.

Using the Baidu Index, we examined Chinese public search
interest in lung cancer. The goa of this study was to explore
public awareness of the association of PM, 5 with lung cancer

risk by anayzing the relationship between daily PM,g

concentration and daily Baidu Index searchesfor theterm “lung
cancer” in China

https://publichealth.jmir.org/2017/4/e64/

Air Pollution Data

We collected air pollution data from the Chinese Air Quality
Online Monitoring and Analysis Platform [26], which began
air quality monitoring in 2013 for all major Chinese cities. We
extracted daily average PM, 5 concentration data of 31 Chinese

capital cities from January 1, 2014 to December 31, 2016.

Search Data

The Baidu Index is a useful tool to process and analyze search
guery data. Its database contains logs of online and mobile
phone search query volume submitted from January 2011. The
daily Baidu Index is the weighted sum of the search frequency
for a keyword based on its daily search volume on the Baidu
search engine. The Baidu Index has been proved to be a useful
indicator of public interest in and awareness of health-related
topics. In this study, we hypothesized that the Baidu Index
would offer potential insight into the general population’s
awareness of lung cancer. The conceptualized awareness of
lung cancer in this study could be considered to be based on the
general population’sability to seek knowledge and information
for the disease or pay attention to the disease. We used the Baidu
Index to determine the relevance of the search term “lung
cancer” asanindicator of the public’s awareness of lung cancer.
We collected daily Baidu Index data from the Baidu Index
websites [27] for the search term “ffif%&” (lung cancer) in
Chinese for each of 31 Chinese capital cities from January 1,
2014 to December 31, 2016.

Baidu Media Data

The Baidu mediaindex isthe number of newsitems containing
a specified keyword in their headlines collected by the Baidu
news database, sourced from Chinese major websites, including
national and local news websites and networks. We collected
daily Baidu media index data for the keyword “lung cancer”
from the Baidu Index websites [27] from January 1, 2014 to
December 31, 2016.

Statistical Analyses

We calculated descriptive statistics for the 2 variables. These
included the mean, standard deviation, median and interquartile
range, and the minimum and maximum values of both variables.

We used the Kruskal-Wallis H test to examine differences in
the daily Baidu Index for lung cancer searches across al cities
by month, season, year, and city, separately. We examined the
differencesin daily PM,, 5 concentration using the same method.

We used Spearman and Pearson correl ation analysesto explore
the correlation between the daily Baidu Index for lung cancer
searches, daily Baidu media index for lung cancer, and daily
average PM, 5 concentration, with the statistical significance
level set at .01. We calculated Pearson partial correlation
coefficients to assess the intercorrelations between the Baidu
Index, Baidu media index, and daily PM,g concentration.
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Multiple linear regression analysis explored the potential
influence of the daily Baidu media index for lung cancer and
daily average PM, 5 concentration on the daily Baidu Index for

lung cancer searches.

Granger causality is a concept of causality derived from the
idea that causes cannot occur after effects and that, if one
variableisthe cause of another, knowing the status of the cause
at an earlier point in time can enhance prediction of the effect
at alater point in time [28]. We used the Granger causality test
to analyze whether there was a causal relationship between the
2 time-series variables. We conducted the Engle-Granger test
to examine whether there was co-integration or a long-term
association between the 2 time series[29]. In the first step, we
used unit root tests to examine whether the time series of the
Baidu Index for lung cancer searches and the time series of daily
PM,, 5 concentration were stationary. If the 2 time series were
both stationary at the same level, then we estimated the
co-integrating regression model using ordinary least squares.
We used the daily Baidu Index for lung cancer searches as the
dependent variable and the daily average PM, 5 concentration
as the independent variable. We estimated regression
coefficients to assess the effect of daily average PM,g
concentration on the daily Baidu Index for lung cancer searches.
In the second step, we used unit root tests to examine whether
the residual series of the co-integrating regression model was
stationary, which would indicate that the 2 time-seriesvariables
were co-integrated, which satisfies the precondition of the
Granger causality test. Then, we performed the Granger
causality test.

We conducted the descriptive statistics, Kruskal-Wallis H test,
and Spearman correlation analysisin IBM SPSS version 19.0

https://publichealth.jmir.org/2017/4/e64/
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(IBM Corporation), and the Granger causality test using EViews
9 student version (IHS Global Inc).

Results

Descriptive Analysis

Table 1 shows the mean and median of the daily Baidu Index
for lung cancer searches and daily average PM, 5 concentration
for each of 31 Chinese cities over the period from January 1,
2014 to December 1, 2016. The mean daily average PM, g

concentration acrossall citieswas 57.37 (SD 47.54) pg/m®. For
air pollution, Shijiazhuang city in Hebei Province ranked first
among the 31 cities, with a mean daily average PM,g

concentration of 104.01 (SD 88.55) pg/m?, and Haikou city in
Hainan Province ranked last, with a mean daily average PM,, 5

concentration of 21.64 (SD 15.2) ug/m?. In our data, the highest
daily average PM,, s concentration was 897.5 pg/mein Shenyang

on November 8, 2015, whereas the lowest was 2.5 pg/min
Nanjing on September 16, 2016. The mean daily Baidu Index
for lung cancer searches was 180 (SD 83.21) across all cities;
that is, there were on average 180 searches daily for the term
“lung cancer” from January 1, 2014 to December 31, 2016. The
mean of daily Baidu Index for lung cancer searchesin Beijing
was 408 (SD 69.53) and ranked first among the 31 cities. On
May 16, 2016, the daily Baidu Index for lung cancer searches
for Beijing peaked at 1185, which was the highest of all Baidu
Index data points. The Baidu Index data scale ranged from O to
1185, with amedian of 73 during the study period. Across all
cities, therewere significant differencesin the daily Baidu Index
for lung cancer searches and daily average PM, 5 concentration

by month, season, year, and city, separately (all P<.05).
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Table 1. Summary statistics of daily average fine particulate matter (PM5 5) concentration and daily Baidu Index for the search term “lung cancer” in
31 Chinese capital cities from January 1, 2014 to December 31, 2016.

City Daily Baidu Index for lung cancer searches Daily average PM, 5 concentration (pg/m3)

Mean (SD) Median (25th, 75th percentile) Mean (SD) Median (25th, 75th percentile)
Beijing 408 (69.53) 91 (366, 441) 79.23 (68.25) 60.85 (29.9, 106.43)
Changchun 146 (28.52) 74 (139, 162) 58.68 (50.44) 43.25 (28.43, 72.38)
Changsha 195 (31.42) 75.5 (178, 216) 62.8 (39.91) 52.15 (36, 79.2)
Chengdu 277 (58.8) 80 (236,308) 65.9 (44.22) 53.35 (35.53, 82.98)
Chongging 208 (24.63) 71 (194, 222) 57.24 (34.19) 47.3(33.9, 68.98)
Fuzhou 165 (28.19) 52 (151, 180) 29.17 (16.14) 26 (18.5, 36.1)
Guangzhou 285 (40.96) 55.5 (258.25, 306.75) 40.78 (21.95) 35.8 (24.4, 51.78)
Guiyang 122 (29.93) 56.5 (87, 143) 40.13 (21.75) 35.9 (24.73, 49.28)
Harbin 168 (24.36) 67 (159, 182) 64.39 (65.96) 40.95 (24.13, 83.48)
Haikou 111 (30.37) 35 (76, 135) 21.64 (15.2) 16.3 (12.3, 26.5)
Hangzhou 250 (42.41) 72 (219.25, 278.75) 55.23 (30.74) 48.9 (33, 70.28)
Hefei 188 (31.58) 85 (171, 209) 67.45 (41.39) 58.2 (41.03, 83.35)
Hohhot 124 (30.98) 74 (91, 146) 42.24(33.96) 32.05 (19.2, 55.3)
Jinan 196 (29.76) 111 (177, 214) 85.06 (51.35) 73.3(51.83, 103.28)
Kunming 157 (27.95) 51 (148, 173) 29.79 (13.25) 27.25 (19.9, 37.15)
Lanzhou 117 (32.65) 83 (83, 146) 54.06 (28.25) 46.2 (35.73, 65)
Lhasa 26 (31.4) 57 (0, 57) 25.17 (12.11) 22 (165, 30.3)
Nanchang 149 (32.31) 63 (137, 167) 45.21 (30.93) 37.1(23.5,57.68)
Nanjing 189 (25.97) 78 (173, 205) 58.49 (38.18) 49.65 (31.03, 76.25)
Nanning 143 (29.23) 57 (133, 161) 41.91 (28.42) 34.15 (22, 53.5)
Shanghai 335 (52.13) 64 (303, 358) 50.17 (32.09) 42.15 (27.2, 65)
Shenyang 171 (25.25) 82 (156, 188) 65.68 (54.92) 49.6 (33.6, 82.43)
Shijiazhuang 176 (32.92) 115 (158, 200) 104.01 (88.55) 80.25 (43.53, 131.1)
Talyuan 150 (32.5) 88 (137, 171) 64.81 (45.83) 53.15 (32.8, 83.33)
Tianjin 204 (24.9) 90 (186, 220) 74.63 (53.61) 60.6 (37.33, 95.08)
Urumaji 116 (29.92) 87 (82, 139) 66.97 (61.11) 41.65 (27.6, 82.28)
Wuhan 227 (26.54) 87 (212.25, 240) 69.48 (46.95) 58.9 (38.13, 86.28)
Xian 207 (29.64) 87 (192, 223) 68.3 (54.44) 51.35(35.2, 79.1)
Xining 73(29.5) 80 (59, 74) 52.63 (24.34) 47.35 (35.73, 65.05)
Yinchuan 82 (30.54) 76 (61, 118) 50.04 (31.12) 40.9 (30.13, 58.38)
Zhengzhou 223 (29.74) 107 (203, 242) 87.02 (61.2) 71.4 (46.8, 108.78)
All cities 180 (83.21) 73 (136, 218) 57.37 (47.54) 44 (27.6, 71.3)
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Figure 1. Distribution of (A) mean daily average fine particulate matter (PM5 5) concentration and (B) mean daily Baidu Index for the search term
“lung cancer” in 31 Chinese capital cities, January 1, 2014 to December 31, 2016.

A
@Hubin
. . (,“ii.lngchnn
Urumgi
Bejing Sg"-‘“%
Hobhot g
ianjin
" | @shijizhuan,
® pj!m&nu T:ig!nn * ¢
Xining '31h00 inan
, Zhengzhou
Xian R
.éun{mg
A i)
i @ o Vi@ B o %m;hai
. 4 Lhasa engdu Chongging H:hphnn
PM: ; concentration (pg/n’) Changsha Nanchang
<25 Guiyang Fuzhou

BIS Kunmin
37550

0 065

0 asn

0

Nanning  Guangzhou

Haikou

Compared with 2014, the Baidu Index for lung cancer searches
across al cities for 2015 and 2016 decreased by 2% and 5%,
respectively. Theannual mean daily average PM, 5 concentration
had decreased dightly from 2014 to 2016. The Baidu media
index for lung cancer ranged from 0 to 6523, with amedian of
9 (25th, 75th percentile 4, 14) in 2016. The Baidu mediaindex
for lung cancer peaked on September 17, 2015. Figure 1 shows
thedistributions of mean daily average PM,, s concentration and
mean daily Baidu Index for lung cancer searches in the 31
Chinese capital cities during the study period.

Correlation Analysis

Except for Chengdu and Hohhot, the pairwise correlation
coefficients (Spearman rho) between the daily Baidu Index for
lung cancer searches and daily average PM, 5 concentration
were positive. Most of the Spearman rank correlation
coefficientswere statistically significant (P<.05). However, the
correlations between the daily Baidu Index for lung cancer
searches and daily average PM, 5 concentration was poor (all

r25<.1) (Table 2). Thetop 3 correlationswere .240 for Hangzhou,
.238 for Zhengzhou, and .231 for Hefel (All P<.001). For all
cities, there was a positive correlation between the daily Baidu
Index for lung cancer searches and daily PM,, 5 concentration
(p=.247, P<.001). Multimedia Appendix 1 showsthe results of
Pearson correlation analysisand Multimedia Appendix 2 shows
theresults of multiplelinear regression analysis. The correlation

https://publichealth.jmir.org/2017/4/e64/
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between daily PM, 5 concentration and the daily Baidu Index
for lung cancer searches was morethan that between daily PM,, 5
and daily Baidu mediaindex. When the daily Baidu mediaindex
for lung cancer was the control variable, the partia correlation
coefficient for each city, between the daily Baidu Index for lung
cancer searches and the daily average PM, 5 concentration, was
almost equal to the Pearson correlation coefficient. The daily
Baidu media index for lung cancer had little influence on the
relationship between the daily Baidu Index for lung cancer
searches and daily average PM, 5 concentration according to
the partial correlation coefficients. Overall, both the correlation
and intercorrelation between the daily Baidu Index for lung
cancer searches, dailly Baidu media index, and daily PM, g
concentration were poor.

Granger Causality

We used the augmented Dickey-Fuller unit root test to test the
stationarity of the 2 time series. The lag length was determined
automatically using the Schwarz information criterion. The
series for all cities except Chengdu were stationary at the
statistical significancelevel set at .01, and the seriesfor Chengdu
were also stationary at the first difference (Table 3). Since the
seriesfor each city werefound to be stationary at the samelevel,
therefore, the 2 variables satisfied the precondition of
co-integration and were checked for along-term co-integration
relationship.
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Table 2. Spearman correlation between daily Baidu Index for the search term “lung cancer,” daily Baidu mediaindex, and daily fine particul ate matter
(PM5 5) concentration.

City Correlation

Baidu Index & PM2 5 Baidu Index & Baidu mediaindex Baidu mediaindex & PM 5

rs P value rs P value s P value
Beijing 093 002 3597 <.001 -013 68
Changchun 060° .048 1672 <.001 1222 <.001
Changsha 1842 <.001 1962 <.001 047 12
Chengdu 041 17 .006 84 026 40
Chongging 1392 <.001 1892 <.001 -015 .62
Fuzhou 1252 <.001 1012 <.001 0992 .001
Guangzhou 1672 <.001 3032 <.001 .003 .93
Guiyang 062° .04 0962 .001 .029 34
Harbin 2192 <.001 2692 <.001 1452 <.001
Haikou 0912 .002 1642 <.001 -018 .55
Hangzhou 2402 <.001 2532 <.001 1332 <.001
Hefei 2313 <.001 9053 <.001 0982 .001
Hohhot .036 23 1882 <.001 028 36
Jinan 1492 <.001 1642 <.001 .052 .09
Kunming 024 42 0812 007 031 30
Lanzhou .057 .06 1492 <.001 .046 13
Lhasa .001 98 039 19 1232 <.001
Nanchang 1182 <.001 2082 <.001 .047 12
Nanjing 2202 <.001 2322 <.001 1252 <.001
Nanning .039 19 1652 <.001 -005 87
Shanghai .050 10 2692 <.001 1152 <.001
Shenyang 1002 .001 2762 <.001 1032 .001
Shijiazhuang 2042 <.001 1792 <.001 .030 33
Taiyuan 088? .003 2182 <.001 027 38
Tianjin 0852 .005 2907 <.001 037 22
Urumaji 1532 <.001 1152 <.001 .058 .06
Wuhan 1542 <.001 2012 <.001 .055 .07
Xian 1112 <.001 2532 <.001 .035 .25
Xining 0812 .007 1052 .001 1092 <.001
Yinchuan -012 68 1022 .001 012 69
Zhengzhou 2382 <.001 2772 <.001 0852 .005

@Correlation is significant at the .01 level (2-tailed).
PCorrelation is significant at the .05 level (2-tailed).
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Table 3. Resultsof unit root tests for the time series of daily average fine particulate matter (PM 5) concentration and daily Baidu Index for the search
term “lung cancer.”

City Unit root test for time series of daily Baidu Index  Unit root test for time series of daily PMy g Result?
for lung cancer searches concentration
ADF? 1% Level P value ADF 1% Level P value

Beijing -5.23 -3.44 <.001 -18.44 -3.44 <.001 Stationarity
Changchun —7.83 -344 <.001 —7.32 -3.44 <.001 Stationarity
Chengdu -23.41 -3.44 <.001 -17.18 -3.44 <.001 Stationarity
Chongging -5.70 -344 <.001 -10.18 -3.44 <.001 Stationarity
Changsha -5.25 -3.44 <.001 -9.76 -3.44 <.001 Stationarity
Fuzhou -5.00 -344 <.001 -8.88 -3.44 <.001 Stationarity
Guiyang —29.62 -3.44 <.001 -8.78 -3.44 <.001 Stationarity
Guizhou —6.01 -344 <.001 -13.39 -3.44 <.001 Stationarity
Harbin -7.21 -3.44 <.001 —6.49 -3.44 <.001 Stationarity
Hefel —4.50 -344 <.001 —7.13 -3.44 <.001 Stationarity
Hohhot -27.24 -3.44 <.001 —4.58 -3.44 <.001 Stationarity
Haikou -30.13 -344 <.001 -10.92 -3.44 <.001 Stationarity
Hangzhou -3.79 -3.44 <.001 —4.53 -3.44 <.001 Stationarity
Jinan -5.10 -3.44 <.001 -15.65 -3.44 <.001 Stationarity
Kunming —7.64 -3.44 <.001 -9.28 -3.44 <.001 Stationarity
Lhasa —4.33 —2.57 <.001 —4.24 -3.44 <.001 Stationarity
Lanzhou -28.38 -3.44 <.001 -5.47 -3.44 <.001 Stationarity
Nanchang —7.17 -344 <.001 -10.42 -3.44 <.001 Stationarity
Nanjing -5.60 -3.44 <.001 -6.29 -3.44 <.001 Stationarity
Nanning —7.48 -344 <.001 —7.62 -3.44 <.001 Stationarity
Shanghai -5.68 -3.44 <.001 -18.64 -3.44 <.001 Stationarity
Shijiazhuang —4.58 -344 <.001 —4.71 -3.44 <.001 Stationarity
Shenyang -5.23 -3.44 <.001 -12.08 -3.44 <.001 Stationarity
Tianjin -5.84 -344 <.001 —6.99 -3.44 <.001 Stationarity
Taiyuan -5.80 -3.44 <.001 —4.69 -3.44 <.001 Stationarity
Wuhan —5.47 -344 <.001 —4.38 -3.44 <.001 Stationarity
Xian -5.20 -3.44 <.001 —4.31 -3.44 <.001 Stationarity
Xining -30.74 -344 <.001 -5.49 -3.44 <.001 Stationarity
Yinchuan -19.20 -3.44 <.001 -10.21 -3.44 <.001 Stationarity
Zhengzhou -5.16 -344 <.001 —5.44 -3.44 <.001 Stationarity

#Time series of daily average PM, 5 concentration and of daily Baidu Index for lung cancer were stationary at the same level.
bADF: augmented Dickey-Fuller unit root test.
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City B 95%ClI
Beijing | —— 0.11 (0.05to 0.17)
Changchun 0.01(-0.02t0 0.04)
Changsha —— 012 (0.07 to 0.16)
Chendu —— -0.08 (-0.16 t0 0.00)
Chongging —o— 0.06 (0.02 to 0.11)
Fuzhou —— 0.16 (0.05 to 0.26)
Guangzhou —— 0.26 E0.16 to 0.38
Guiyang —— 0.03(-0.05t00.12)
Harbin L gl 0.05(0.03t0 0.08)
Haikou H—— 0.10 5-0.02 to 0.22)
Hangzhou —— 0.25(017to0 0.33)
Hefei —— 0.14 (0.09t0 0.18)
Hohhot ——i 0.00 (-0.06 to 0.05)
Jinan g~ 0.08 (0.04to 0.11)
Kunming —— 0.03 E-0.10 to 0.15)
Lanzhou ——1 0.04 (-0.03to 0.11)
Lhasa L 4 0.03(-013t0 0.18)
Nanchang —— 0.03(-0.04t0 0.09)
Nanijing —o— 0.12(0.08 to 0.16)
Nanning —— 0.02 E—0.04 to 0.08;
Shanghai ——— 0.04(-005t0 0.14
Shenyang - 0.03 (0.00 to 0.06)
Shijiazhuang Hp 0.07 (0.04 to 0.09)
Taiyuan o 0.03(-0.01to 0.07)
Tianjin . 0.06 (0.03 t0 0.08)
Urumgi 5 & 0.04 (0.01 to 0.07
Wuhan o 0.04 (0.01 to 0.08
Xian g~ 0.04 (0.01 to 0.07)
Xining H—— 0.05(-0.02t0 0.12)
Yinchuan —— -0.03 (-0.09t0 0.03)
Zhengzhou 2 & 0.07 (0.04to 0.10)
All cities Hp 0.30(0.28 t0 0.32)
| | |
-2 0 3 4

For 17 of the 31 Chinese capital cities, regression anaysis
revealed that the positive effects of daily average PM,5
concentration on the daily Baidu Index for lung cancer searches
were statistically significant (Figure 2). We observed the
strongest rel ationship in Guangzhou asindicated by aregression
coefficient of 0.26 (95% CI 0.16-0.38). The effect of daily
average PM, s concentration was negative in Chengdu and
Yinchuan, but was not statistically significant, with aregression
coefficient of —0.08 (95% CI —0.16 to 0) for Chengdu and —0.03
(95% CI —0.09 to 0.03) for Yinchuan. For al cities, the
regression coefficient was 0.30 (95% CI 0.28-0.32). Overall,

https://publichealth.jmir.org/2017/4/e64/

the relationship between daily average PM, 5 concentration and
the daily Baidu Index for lung cancer searches was modest.

The result of the panel co-integration (Engle-Granger) test
indicated the existence of co-integration between variables for
each city a the 1% significance level (Table 4). The
co-integration test revealed the existence of a long-term
rel ationship between variablesbut did not indicate the direction
of the causal relationship. The results of the Granger causality
test suggested the absence of a unidirectional causality from
PM,, 5 to the Baidu Index, which was statistically significant at

the 5% level for al cities (Table 5).
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Table 4. Resultsof co-integration test of the 2 time series of daily average fine particulate matter (PM5 5) concentration and daily Baidu Index for the
search term “lung cancer.”

City Unit root test for the residual series Result?
ADE? 1% Level 5% Level 10% Level P value

Beijing -5.26 —2.57 -1.94 -1.62 <.001 Co-integration
Changchun —7.84 -3.44 —2.86 -2.57 <.001 Co-integration
Chengdu -23.32 -344 —2.86 —2.57 <.001 Co-integration
Chongqing -5.89 -3.44 —2.86 -2.57 <.001 Co-integration
Changsha -5.52 -344 —2.86 —2.57 <.001 Co-integration
Fuzhou -5.08 -3.44 —2.86 -2.57 <.001 Co-integration
Guiyang —29.63 -3.44 —2.86 -2.57 <.001 Co-integration
Guizhou -6.18 -3.44 —2.86 -2.57 <.001 Co-integration
Harbin —7.53 -344 —2.86 —2.57 <.001 Co-integration
Hefei —4.74 -3.44 —2.86 -2.57 <.001 Co-integration
Hohhot —27.24 -3.44 —2.86 —2.57 <.001 Co-integration
Haikou -30.22 -3.44 —2.86 -2.57 <.001 Co-integration
Hangzhou —4.06 -344 —2.86 —2.57 <.001 Co-integration
Jinan -5.24 -3.44 —2.86 -2.57 <.001 Co-integration
Kunming —7.65 -3.44 —2.86 —2.57 <.001 Co-integration
Lhasa —20.05 -3.44 —2.86 -2.57 <.001 Co-integration
Lanzhou —28.46 -3.44 —2.86 —2.57 <.001 Co-integration
Nanchang —7.22 -3.44 —2.86 -2.57 <.001 Co-integration
Nanjing -5.78 -3.44 —2.86 —2.57 <.001 Co-integration
Nanning —7.48 -3.44 —2.86 -2.57 <.001 Co-integration
Shanghai -5.71 -344 —2.86 —2.57 <.001 Co-integration
Shijiazhuang -4.85 -3.44 —2.86 -2.57 <.001 Co-integration
Shenyang -5.35 -3.44 —2.86 -2.57 <.001 Co-integration
Tianjin -5.95 -3.44 —2.86 -2.57 <.001 Co-integration
Taiyuan -5.83 -344 —2.86 —2.57 <.001 Co-integration
Wuhan -5.51 -3.44 —2.86 -2.57 <.001 Co-integration
Xian -5.21 -3.44 —2.86 —2.57 <.001 Co-integration
Xining -30.80 -3.44 —2.86 -2.57 <.001 Co-integration
Yinchuan -19.20 -3.44 —2.86 —2.57 <.001 Co-integration
Zhengzhou —5.44 -3.44 —2.86 -2.57 <.001 Co-integration

#Time series of daily average PM, 5 concentration and of daily Baidu Index for lung cancer were co-integrated.
bADF: augmented Dickey-Fuller unit root test.
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Table5. Resultsof Granger causality test of the causal relationship between daily average fine particul ate matter (PM o 5) concentration and daily Baidu

Index for the search term “lung cancer.”

City Null hypothesis®

Daily average PM, 5 concentration does not Granger Daily Baidu Index for lung cancer searches does not

cause daily Baidu Index for lung cancer searches Granger cause daily average PM 5 concentration

F statistic df P value F statistic df P value
Beijing 125 15, 1066 .23 0.66 15, 1066 .81
Changchun 1.62 5, 1086 A5 0.30 5, 1086 91
Chengdu 0.17 5, 1086 .97 1.39 5, 1086 22
Chongging 1.32 6, 1084 24 141 6, 1084 .20
Changsha 1.30 6, 1084 .25 114 6, 1084 33
Fuzhou 0.93 6, 1079 47 121 6, 1079 .29
Guiyang 0.19 1, 1090 .66 0.36 1, 1090 54
Guizhou 154 5, 1086 A7 184 5, 1086 .10
Harbin 114 6, 1084 .33 2.78 6, 1084 .01
Hefel 194 6, 1084 .07 2.62 6, 1084 .01
Hohhot 172 1, 1090 .19 0.15 1, 1090 .69
Haikou 1.69 1,1090 19 144 1,1090 22
Hangzhou 0.86 6, 1084 52 1.86 6, 1084 .08
Jinan 157 6, 1084 A5 142 6, 1084 .20
Kunming 113 6, 1084 .34 0.88 6, 1084 .50
Lhasa 0.81 1,1090 37 0.14 1, 1090 .70
Lanzhou 1.97 1, 1090 .16 291 1, 1090 .08
Nanchang 1.28 6, 1084 .26 1.45 6, 1084 19
Nanjing 1.49 6, 1084 .18 2.05 6, 1084 .05
Nanning 0.62 5, 1086 .68 1.82 5, 1086 .10
Shanghai 0.59 8, 1080 .79 0.65 8, 1080 .73
Shijiazhuang 0.52 6, 1084 .79 1.62 6, 1084 A3
Shenyang 0.39 6, 1078 .88 0.88 6, 1078 .50
Tianjin 0.89 5, 1086 48 0.90 5, 1086 47
Taiyuan 242 7, 1082 .02 0.66 7, 1082 7
Wuhan 0.95 6, 1084 45 1.09 6, 1084 .36
Xian 135 7, 1082 22 0.72 7, 1082 .64
Xining 3.40 1,1090 .06 0.17 1, 1090 .67
Yinchuan 0.24 1, 1090 61 0.00 1, 1090 .99
Zhengzhou 171 6, 1084 A1 1.28 6, 1084 .26

3Null hypothesisis rejected when P<.01.

Discussion

Principal Results
Our analysis showed a dlightly positive correlation between
daily average PM,, 5 concentration and the daily Baidu Index

for the search term “lung cancer” in most of the 31 cities. The
result of the regression analysis also showed that daily average
PM,, 5 concentration had aweak impact on thedaily Baidu Index

https://publichealth.jmir.org/2017/4/e64/

RenderX

for lung cancer searches. The Granger causality test indicated
that there was no causal relationship between daily average
PM,, 5 concentration and the daily Baidu Index for lung cancer
searches.

Some studies have assessed the association between PM, 5 and

subsequent risks of lung cancer incidence and mortality,
suggesting that PM,, 5 could be a risk factor for lung cancer.

Therefore, the mass mediain China often remind people to use
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the necessary protection at a high concentration of PM, . The
public's search interest in lung cancer reflects their concern
about this disease. In China, the general population can easily
get daily information about the PM,, 5 concentration through the
government’s official website, the news media, and many
weather forecast mobile phone apps. However, little is known
about whether the reported daily information about PM,g
concentration significantly stimulates the public's interest in
lung cancer in China. Google Trends and the Baidu Index have
proved to be useful indicators of public interest in and attention
to health-related topics [30-32]. In our study, we hypothesized
that the Baidu Index would offer potential insight into the
general population’s interest in lung cancer as a reflection of
the daily PM,, 5 concentration.

Wang et a [30] investigated the value of Chinese social media
for monitoring air quality trends and related public perceptions
and response; they found that media data contain rich details,
including perceptions, behaviors, and self-reported health
effects, which provides a theoretical basis for our research. In
our study, we extracted real search data from the Baidu search
engine and we examined the relationship between the reported
daily PM, 5 concentration data and the search data for the

specific search term “lung cancer” to test our hypothesis.

In 2013, the European Study of Cohortsfor Air Pollution Effects
reported that each 5 pg/m’increase of PM o5 Was statistically
significantly associated with a hazard ratio for lung cancer of
1.18 (95% CI 0.96-1.46) [12]. Many studies had indicated the
PM,, 5 could causelung cancer, and there are still many ongoing
studies on the relationship between PM, 5 and lung cancer.
However, it's still unknown whether the association between
PM,, 5 and lung cancer risk has been recognized by the general
public. In addition to traditional methods such as surveys and
interviews, we can use Internet-based data to investigate the
existing perception and augment health-related data. We
therefore used Baidu Index data to measure the public's
awareness of the association of PM, g with an increased risk of
lung cancer.

Our result showed that the daily average PM, 5 concentration
had a modest impact on the daily Baidu Index for lung cancer
searches, but there was still substantial uncertainty about the
association. Firgt, the effect of daily average PM, 5 concentration
on the public’'s awareness of its health hazards might be
marginal. People may not be concerned much about lung cancer
risks until serious health hazards of PM, 5 emerge. However,
online searches for lung cancer may decline when the
significance of PM, 5 has become widely recognized. Similarly,
theinitial panic over lung cancer caused by some events might
increase searchesfor theterm “lung cancer” during thefirst few
days, which may drop after theinitia panic; such possibilities
may have biased our results. Second, lung cancer is a chronic
disease with a slow onset, and exposure to PM,5 is more
detrimental to lung cancer risk in the long term. The daily
average PM,, 5 concentration had arelatively long, slow impact
on the search rate for lung cancer, indicating a possible long
timelagintherelationship. Third, lack of awarenessthat PM, 5
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can increase the risk of lung cancer might have an important
effect on the association between PM, 5 and the Baidu Index

for lung cancer searches.

Chinais avast and diverse country, with a population of more
than 1.3 billion people. The effect of PM, 5 on the Baidu |ndex
for lung cancer searches might also depend on demographic
and socioeconomic conditions, and differencesin health literacy
among residents in different cities. For the city Shijiazhuang,
the daily average PM,, 5 concentration was highest, but the Baidu
Index for lung cancer searches was significantly lower than for
some devel oped cities, such as Beijing, Fuzhou, and Guangzhou.
People in the densely populated and economically developed
cities in east China have higher health awareness, have better
access to the Internet, and more frequently search for health
information than do peoplein sparsely populated and devel oping
cities. The daily average PM, 5 concentration in Lhasa was
similar to that in Haikou, but the Baidu Index for lung cancer
searchesin these 2 citieswas notably different. In our data, the
mean daily average PM,, 5 concentration across al cities was

53.47 (SD 47.54) ug/m®, which is more than the World Health

Organization standard of 25 pg/m3[33]. Although air quality
has been improving in recent years, PM,5 pollution in
wintertime is worsening, especially in northern China. PM, 5
pollution is an emerging problem that threatens public health,
especially in Chinese megacity clusters[34]. Peoplein most of
the 31 cities in China that we studied had serious health
problems attributed to PM, 5. Therefore, the health effects of
PM, 5 on alocal scale for each city need be taken seriously.
Local authorities should make a greater effort to improve the
air quality and the eHedlth literacy in their cities. Online health
information should be made more accessible to the public,
especially in economically underdeveloped aress.

November is Lung Cancer Awareness Month internationally,
and November 18 isLung Cancer Day, which aim to raise lung
cancer awareness among the public. In this study, we found a
significant difference in the Baidu media index of lung cancer
among different months by Kruskal-Wallis H test. The mean
rank of the Baidu media index was highest in November
(Multimedia Appendix 3); however, it was not highest for any
of the 31 cities individually in November. The influence of the
Lung Cancer Awareness Month campaign on public interest in
lung cancer searches in China was below our expectations.
According to the analyses of correlation between the daily Baidu
Index, the daily Baidu media index, and the daily PM,5
concentration, both the correlation and intercorrel ation between
these variables were poor, and the daily Baidu mediaindex had
little impact on the correlation between the daily Baidu Index
and thedaily PM,, 5 concentration. This suggeststhat the reported
daily PM,, 5 concentration might havelittleimpact on increasing

either the public’s or the media's attention to lung cancer in
China

Contrary to our expectations, the daly average PM,g

concentration did not notably enhance the public's awareness
of lung cancer. Lung cancer is one of the most prevalent and

deadliest cancers. Anincrease of 10 ug/m°of PM,, 5 could result
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inup to a22% increase in lung cancer prevalence[12,35]. Itis
vital to emphasize theimportance of the public’sawarenessand
knowledge of modifiable risk factors of lung cancer for
prevention. Lack of awareness of the risk for lung cancer due
to PM, s might have deleterious consequences for the public,
in consideration of lifestyle modification and risk factor
avoidance, and might limit the public's participation in lung
cancer prevention or the avoidance of PM, 5. Enhancing this
awareness might raise self-protective avoi dance of lung cancer
risk factors. Ngo et a indicated that awareness of the connection
between air pollution and its negative health effects can help
the public improve their understanding of air pollution and
develop responses to it. This awareness could also lead the
public to seek more information about air pollution and its
hazards, and to cope with their environment and its risks [36].
According to the 39th China statistical report on Internet
development, 195 million people used the Internet for health
care, with an annual growth rate of 28%, and the number of
queriesfor health information was up 10.8% in 2016 [37]. The
Internet can be treated as a sensor of perceptions, behaviors,
and self-reported health effects [30]. This advantage of the
Internet and social mediashould be used fully toincrease public
awareness of the association of PM, 5 with lung cancer risk. At
the same time, monitoring the public response to the health
hazards of PM, 5 is necessary to avoid causing social panics.
Limited awareness about cancer can hamper primary prevention
and the early detection of cancer, as can lack of awareness about
the association of PM, s with lung cancer risk. Cancer awareness
campaigns can effectively stimulate the response and online
activities of the general public, and canimprove knowledge and
awareness of cancer [31,32]. Awareness campaigns are needed
to increase public knowledge of the lung cancer risk of PM, ¢
and should be designed to improve knowledge of lung cancer
and promote actively taking effective measures to reduce
exposure to PM, 5 on hazy days.
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Strengthsand Limitations

The strength of thisstudy isthat it isthefirst, to our knowledge,
to explore the relationship between daly average PM,s
concentration and the daily Baidu Index for the search term
“lung cancer” across 31 citiesin China.

There are some limitations to this study. We collected the
Internet search data from a single search engine, Baidu. Baidu
isthe most commonly used search engine in China. The Baidu
Index provides absolute search data by cities and can be used
to perform adirect comparative analysis among cities. We used
only theterm “lung cancer,” which might have limited the search
data. It was also not possibleto identify the type of Internet user
or which stakeholders were responsible for the search activity.
Search engine search term trends might be affected by factors
such as public panic [38]. Some people might have searched
theterm “lung cancer” for other purposes. That the search data
are affected by such random factorsis an unavoidable limitation
in studies using search engine data. We, and many other
scholars, are committed to solving this problem and are seeking
ways to identify and reduce biases that are embedded in search
engine data. This study was also limited by the study areas. We
only focused on 31 cities, so the results cannot be extrapolated
to other cities and rural areas. It was beyond the scope of our
work to explore the rel ation between PM,, 5 and online searches
for information on other diseases or the rel ation between online
searches for lung cancer and other risk factors.

Conclusion

Daily average PM, 5 concentration has aweak positive impact
on Internet searches on the term “lung cancer.” Well-designed
awareness campaigns are needed to improve general public
awareness of the association of PM, 5 with lung cancer risk, to
lead the public to seek more information about PM, 5 and its
hazards, and to cope with their environment and its risks
appropriately.
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Mean rank of the daily Baidu Index for the term “lung cancer," daily Baidu media index, and daily PM, 5 concentration for
different months from 2014 to 2016.

[PDF File (Adobe PDF File), 40K B-Multimedia Appendix 3]

References

1.

2.

10.

11.

12.

13.

14.

15.

16.

17.

18.

19.

20.

Ouyang Y. Chinawakes up to the crisis of air pollution. Lancet Respir Med. Mar 2013;1(1):12. [doi:
10.1016/S2213-2600(12)70065-6] [Medline: 24321793]

ChenY, Ebenstein A, Greenstone M, Li H. Evidence on theimpact of sustained exposureto air pollution on life expectancy
from China's Huai River policy. Proc Natl Acad Sci U S A. Aug 06, 2013;110(32):12936-12941. [FREE Full text] [doi:
10.1073/pnas.1300018110] [Medline: 23836630]

Guan W, Zheng X, Chung KF, Zhong N. Impact of air pollution on the burden of chronic respiratory diseasesin China
time for urgent action. Lancet. Oct 15, 2016;388(10054):1939-1951. [doi: 10.1016/S0140-6736(16)31597-5] [Medline:
27751401]

Yin B, He G, Fan M, Chiu KY, Fan M, Liu C, et a. Particulate air pollution and mortality in 38 of Chinas largest cities:
time series analysis. BMJ. Mar 14, 2017;356:)667. [FREE Full text] [Medline: 28292780]

Maji KJ, AroraM, Dikshit AK. Burden of disease attributed to ambient PM2.5 and PM 10 exposure in 190 citiesin China.
Environ Sci Pollut Res Int. Apr 2017;24(12):11559-11572. [doi: 10.1007/s11356-017-8575-7] [Medline: 28321701]
XieR, Sabel CE, Lu X, Zhu W, Kan H, Nielsen CP, et al. Long-term trend and spatial pattern of PM2.5 induced premature
mortality in China. Environ Int. Dec 2016;97:180-186. [doi: 10.1016/j.envint.2016.09.003] [Medline: 27614532]

Fang D, Wang Q, Li H, Yu Y, Lu Y, Qian X. Mortality effects assessment of ambient PM2.5 pollution in the 74 leading
cities of China. Sci Total Environ. Nov 01, 2016;569-570:1545-1552. [doi: 10.1016/j.scitotenv.2016.06.248] [Medline:
27395080]

Cohen AJ, Brauer M, Burnett R, Anderson HR, Frostad J, Estep K, et al. Estimates and 25-year trends of the global burden
of disease attributable to ambient air pollution: an analysis of datafrom the Global Burden of Diseases Study 2015. Lancet.
May 13, 2017;389(10082):1907-1918. [FREE Full text] [doi: 10.1016/S0140-6736(17)30505-6] [Medline: 28408086]
Lelieveld J, Evans JS, Fnais M, Giannadaki D, Pozzer A. The contribution of outdoor air pollution sources to premature
mortality on aglobal scale. Nature. Sep 17, 2015;525(7569):367-371. [doi: 10.1038/nature15371] [Medline: 26381985]
Chen W, Zheng R, Baade PD, Zhang S, Zeng H, Bray F, et a. Cancer statisticsin China, 2015. CA Cancer JClin.
2016;66(2):115-132. [FREE Full text] [doi: 10.3322/caac.21338] [Medline: 26808342]

Loomis D, Grosse Y, Lauby-Secretan B, El Ghissassi F, Bouvard V, Benbrahim-Tallaa L, et al. International Agency for
Research on Cancer Monograph Working Group IARC. The carcinogenicity of outdoor air pollution. Lancet Oncol. Dec
2013;14(13):1262-1263. [Medline: 25035875]

Raaschou-Nielsen O, Andersen ZJ, Beelen R, Samoli E, Stafoggia M, Weinmayr G, et a. Air pollution and lung cancer
incidence in 17 European cohorts: prospective analyses from the European Study of Cohorts for Air Pollution Effects
(ESCAPE). Lancet Oncol. Aug 2013;14(9):813-822. [doi: 10.1016/S1470-2045(13)70279-1] [Medline: 23849838]

Cui P, Huang Y, Han J, Song F, Chen K. Ambient particul ate matter and lung cancer incidence and mortality: ameta-analysis
of prospective studies. Eur J Public Health. Apr 2015;25(2):324-329. [doi: 10.1093/eurpub/ckul45] [Medline: 25201901]
Yang W, Zhao H, Wang X, Deng Q, Fan W, Wang L. An evidence-based assessment for the association between long-term
exposure to outdoor air pollution and the risk of lung cancer. Eur J Cancer Prev. May 2016;25(3):163-172. [doi:
10.1097/CEJ.0000000000000158] [Medline: 25757194]

Hamra GB, Guha N, Cohen A, Laden F, Raaschou-Nielsen O, Samet JM, et a. Outdoor particulate matter exposure and
lung cancer: a systematic review and meta-analysis. Environ Health Perspect. Sep 2014;122(9):906-911. [FREE Full text]
[doi: 10.1289/ehp.1408092] [Medline: 24911630]

Raaschou-Nielsen O, Bedlen R, Wang M, Hoek G, Andersen ZJ, Hoffmann B, et al. Particulate matter air pollution
components and risk for lung cancer. Environ Int. Feb 2016;87:66-73. [doi: 10.1016/j.envint.2015.11.007] [Medline:
26641521]

Huang F, Pan B, Wu J, Chen E, Chen L. Relationship between exposure to PM2.5 and lung cancer incidence and mortality:
ameta-analysis. Oncotarget. Apr 21, 2017. [FREE Full text] [doi: 10.18632/oncotarget.17313] [Medline; 28487493]
Foroughi F, Lam AK, Lim MSC, Saremi N, Ahmadvand A. “Googling” for cancer: an infodemiological assessment of
online search interestsin Australia, Canada, New Zealand, the United Kingdom, and the United States. IMIR Cancer. May
04, 2016;2(1):€5. [FREE Full text] [doi: 10.2196/cancer.5212] [Medline: 28410185]

Castleton K, Fong T, Wang-Gillam A, Wagar MA, Jeffe DB, Kehlenbrink L, et al. A survey of Internet utilization among
patients with cancer. Support Care Cancer. Aug 2011;19(8):1183-1190. [doi: 10.1007/s00520-010-0935-5] [Medline:
20556435]

Ginsberg J, Mohebbi MH, Patel RS, Brammer L, Smolinski MS, Brilliant L. Detecting influenza epidemics using search
engine query data. Nature. Feb 19, 2009;457(7232):1012-1014. [doi: 10.1038/nature07634] [Medline: 19020500]

https://publichealth.jmir.org/2017/4/e64/ JMIR Public Health Surveill 2017 | vol. 3 |iss. 4| e64 | p. 13

(page number not for citation purposes)


https://jmir.org/api/download?alt_name=publichealth_v3i4e64_app3.pdf&filename=b1ed033ccddccf64dfd907ec4b1c5ce7.pdf
https://jmir.org/api/download?alt_name=publichealth_v3i4e64_app3.pdf&filename=b1ed033ccddccf64dfd907ec4b1c5ce7.pdf
http://dx.doi.org/10.1016/S2213-2600(12)70065-6
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=24321793&dopt=Abstract
http://www.pnas.org/cgi/pmidlookup?view=long&pmid=23836630
http://dx.doi.org/10.1073/pnas.1300018110
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=23836630&dopt=Abstract
http://dx.doi.org/10.1016/S0140-6736(16)31597-5
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=27751401&dopt=Abstract
http://www.bmj.com/cgi/pmidlookup?view=long&pmid=28292780
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=28292780&dopt=Abstract
http://dx.doi.org/10.1007/s11356-017-8575-7
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=28321701&dopt=Abstract
http://dx.doi.org/10.1016/j.envint.2016.09.003
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=27614532&dopt=Abstract
http://dx.doi.org/10.1016/j.scitotenv.2016.06.248
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=27395080&dopt=Abstract
https://linkinghub.elsevier.com/retrieve/pii/S0140-6736(17)30505-6
http://dx.doi.org/10.1016/S0140-6736(17)30505-6
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=28408086&dopt=Abstract
http://dx.doi.org/10.1038/nature15371
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=26381985&dopt=Abstract
http://dx.doi.org/10.3322/caac.21338
http://dx.doi.org/10.3322/caac.21338
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=26808342&dopt=Abstract
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=25035875&dopt=Abstract
http://dx.doi.org/10.1016/S1470-2045(13)70279-1
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=23849838&dopt=Abstract
http://dx.doi.org/10.1093/eurpub/cku145
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=25201901&dopt=Abstract
http://dx.doi.org/10.1097/CEJ.0000000000000158
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=25757194&dopt=Abstract
http://dx.doi.org/10.1289/ehp.1408092
http://dx.doi.org/10.1289/ehp.1408092
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=24911630&dopt=Abstract
http://dx.doi.org/10.1016/j.envint.2015.11.007
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=26641521&dopt=Abstract
http://www.impactjournals.com/oncotarget/misc/linkedout.php?pii=17313
http://dx.doi.org/10.18632/oncotarget.17313
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=28487493&dopt=Abstract
http://cancer.jmir.org/2016/1/e5/
http://dx.doi.org/10.2196/cancer.5212
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=28410185&dopt=Abstract
http://dx.doi.org/10.1007/s00520-010-0935-5
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=20556435&dopt=Abstract
http://dx.doi.org/10.1038/nature07634
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=19020500&dopt=Abstract
http://www.w3.org/Style/XSL
http://www.renderx.com/

JMIR PUBLIC HEALTH AND SURVEILLANCE Yang et al

21.

22.

23.

24,

25.

26.

27.

28.

29.

30.

31.

32.

33.

35.

36.

37.

38.

Brownstein JS, Freifeld CC, Madoff LC. Digital disease detection--harnessing the Web for public health surveillance. N
Engl JMed. May 21, 2009;360(21):2153-5, 2157. [FREE Full text] [doi: 10.1056/NEJM p0900702] [Medline: 19423867]
Pelat C, Turbelin C, Bar-Hen A, Flahault A, Valleron AJ. More diseases tracked by using Google Trends. Emerg Infect
Dis. Aug 2009;15(8):1327-1328. [FREE Full text] [doi: 10.3201/eid1508.090299] [Medline: 19751610]

Zhou X, Yang F, Feng Y, Li Q, Tang F, Hu S, et al. A spatial-temporal method to detect global influenza epidemics using
heterogeneous data collected from the Internet. IEEE/ACM Trans Comput Biol Bioinform. Apr 04, 2017. [doi:
10.1109/TCBB.2017.2690631] [Medline: 28391203]

Shah MP, Lopman BA, Tate JE, Harris J, Esparza-Aguilar M, Sanchez-UribeE, et al. Use of Internet search datato monitor
rotavirus vaccine impact in the United States, United Kingdom, and Mexico. J Pediatric Infect Dis Soc. Mar 21, 2017. [doi:
10.1093/jpids/pix004] [Medline: 28369477)

ChinaInternet Network Information Center. Chinese Internet users search behavior study. Beijing, China. CINNC; 2015.
URL: http://www.cnnic.net.cn/hiwfzyj/hlwxzbg/ssbg/201607/P020160726510595928401. pdf [accessed 2017-05-21]
[WebCite Cache ID 6qc3ialYJ|

PM2.5 Scientific Experiments Panel. Air quality history data. URL: https://www.agistudy.cn/ [accessed 2017-05-21]
[WebCite Cache ID 6qcQtyCsA]

Baidu Index. Beijing, China. Baidu, Inc URL : https://index.baidu.com/ [accessed 2017-05-21] [WebCite Cache ID
60c49KRrQO]

Granger CWJ. Investigating causal relations by econometric models and cross-spectral methods. Econometrica. Aug
1969;37(3):424-438. [doi: 10.2307/1912791]

Granger CWJ, Lin JL. Causality in the long run. Econometric Theory. 1995;11(3):530-536.

Wang S, Paul MJ, Dredze M. Social mediaas a sensor of air quality and public response in China. JMed Internet Res. Mar
26, 2015;17(3):e22. [FREE Full text] [doi: 10.2196/jmir.3875] [Medline: 25831020]

Glynn RW, Kelly JC, Coffey N, Sweeney KJ, Kerin MJ. The effect of breast cancer awareness month on internet search
activity--a comparison with awareness campaigns for lung and prostate cancer. BMC Cancer. 2011;11:442. [FREE Full
text] [doi: 10.1186/1471-2407-11-442] [Medline: 21993136]

Scheres LJJ, Lijfering WM, Middeldorp S, Cannegieter SC. Influence of World Thrombosis Day on digital information
seeking on venous thrombosis: a Google Trends study. J Thromb Haemost. Dec 2016;14(12):2325-2328. [doi:
10.1111/jth.13529] [Medline: 27735128]

World Health Organization. WHO air quality guidelinesfor particulate matter, ozone, nitrogen dioxide and sulfur dioxide:
global update 2005. Summary of risk assessment. Geneva, Switzerland. WHO; 2006. URL : http://apps.who.int/irig/bitstream/
10665/69477/1/WHO_SDE _PHE_OEH_06.02_eng.pdf [accessed 2017-09-15] [WebCite Cache ID 6tUXXtoEX]

Song C, Wu L, XieY, HeJ, Chen X, Wang T, et a. Air pollution in China: status and spatiotemporal variations. Environ
Pollut. May 05, 2017;227:334-347. [doi: 10.1016/j.envpol.2017.04.075] [Medline: 28482313]

Cesaroni G, Badaloni C, Gariazzo C, StafoggiaM, Sozzi R, Davoli M, et al. Long-term exposure to urban air pollution and
mortality in a cohort of more than a million adultsin Rome. Environ Health Perspect. Mar 2013;121(3):324-331. [FREE
Full text] [doi: 10.1289/ehp.1205862] [Medline: 23308401]

Ngo NS, Kokoyo S, Klopp J. Why participation matters for air quality studies: risk perceptions, understandings of air
pollution and mobilization in a poor neighborhood in Nairobi, Kenya. Public Health. Jan 2017;142:177-185. [doi:
10.1016/j.puhe.2015.07.014] [Medline: 26298585]

Chinalnternet Network Information Centre. Chinastatistical report on Internet devel opment. Beijing, China. CINNC URL.:
http://www.cnnic.net.cn/hlwfzyj/hlwxzbg/hlwtjbg/201701/t20170122 66437.htm [accessed 2017-05-21] [WebCite Cache
ID 60cTUGC|F]

Zhou X, Shen H. Notifiable infectious disease surveillance with data collected by search engine. J Zhejiang Univ Sci C.
Apr 17, 2010;11(4):241-248. [doi: 10.1631/jzus.C0910371]

Abbreviations

PM , 5 ambient fine particulate matter <5 pm in diameter

https://publichealth.jmir.org/2017/4/e64/ JMIR Public Health Surveill 2017 | vol. 3 |iss. 4| e64 | p. 14

RenderX

(page number not for citation purposes)


http://europepmc.org/abstract/MED/19423867
http://dx.doi.org/10.1056/NEJMp0900702
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=19423867&dopt=Abstract
http://dx.doi.org/10.3201/eid1508.090299
http://dx.doi.org/10.3201/eid1508.090299
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=19751610&dopt=Abstract
http://dx.doi.org/10.1109/TCBB.2017.2690631
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=28391203&dopt=Abstract
http://dx.doi.org/10.1093/jpids/pix004
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=28369477&dopt=Abstract
http://www.cnnic.net.cn/hlwfzyj/hlwxzbg/ssbg/201607/P020160726510595928401.pdf
http://www.webcitation.org/

                                            6qc3ia1YJ
https://www.aqistudy.cn/
http://www.webcitation.org/

                                            6qcQtyCs4
https://index.baidu.com/
http://www.webcitation.org/

                                            6qc49KRrO
http://www.webcitation.org/

                                            6qc49KRrO
http://dx.doi.org/10.2307/1912791
http://www.jmir.org/2015/3/e22/
http://dx.doi.org/10.2196/jmir.3875
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=25831020&dopt=Abstract
http://bmccancer.biomedcentral.com/articles/10.1186/1471-2407-11-442
http://bmccancer.biomedcentral.com/articles/10.1186/1471-2407-11-442
http://dx.doi.org/10.1186/1471-2407-11-442
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=21993136&dopt=Abstract
http://dx.doi.org/10.1111/jth.13529
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=27735128&dopt=Abstract
http://apps.who.int/iris/bitstream/10665/69477/1/WHO_SDE_PHE_OEH_06.02_eng.pdf
http://apps.who.int/iris/bitstream/10665/69477/1/WHO_SDE_PHE_OEH_06.02_eng.pdf
http://www.webcitation.org/

                                            6tUXXtoEx
http://dx.doi.org/10.1016/j.envpol.2017.04.075
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=28482313&dopt=Abstract
http://dx.doi.org/10.1289/ehp.1205862
http://dx.doi.org/10.1289/ehp.1205862
http://dx.doi.org/10.1289/ehp.1205862
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=23308401&dopt=Abstract
http://dx.doi.org/10.1016/j.puhe.2015.07.014
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=26298585&dopt=Abstract
http://www.cnnic.net.cn/hlwfzyj/hlwxzbg/hlwtjbg/201701/t20170122_66437.htm
http://www.webcitation.org/

                                            6qcTUGCjF
http://www.webcitation.org/

                                            6qcTUGCjF
http://dx.doi.org/10.1631/jzus.C0910371
http://www.w3.org/Style/XSL
http://www.renderx.com/

JMIR PUBLIC HEALTH AND SURVEILLANCE Yang et al

Edited by G Eysenbach; submitted 23.05.17; peer-reviewed by SFA Shah, X Zhou; comments to author 29.06.17; revised version
received 22.07.17; accepted 09.08.17; published 03.10.17

Please cite as.

Yang H, Li S Sun L, Zhang X, Hou J, Wang Y

Effects of the Ambient Fine Particulate Matter on Public Awareness of Lung Cancer Riskin China: Evidence fromthe Inter net-Based
Big Data Platform

JMIR Public Health Surveill 2017;3(4):e64

URL: https://publichealth.jmir.org/2017/4/e64/

doi: 10.2196/publichealth.8078

PMID: 28974484

©Hongxi Yang, Shu Li, Li Sun, Xinyu Zhang, Jie Hou, Yaogang Wang. Originally published in IMIR Public Health and
Surveillance (http://publichealth.jmir.org), 03.10.2017. This is an open-access article distributed under the terms of the Creative
Commons Attribution License (https.//creativecommons.org/licenses/by/4.0/), which permits unrestricted use, distribution, and
reproduction in any medium, provided the original work, first published in IMIR Public Health and Surveillance, is properly
cited. The complete bibliographic information, a link to the original publication on http://publichealth.jmir.org, as well as this
copyright and license information must be included.

https://publichealth.jmir.org/2017/4/e64/ JMIR Public Health Surveill 2017 | vol. 3 |iss. 4| e64 | p. 15
(page number not for citation purposes)

RenderX


https://publichealth.jmir.org/2017/4/e64/
http://dx.doi.org/10.2196/publichealth.8078
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=28974484&dopt=Abstract
http://www.w3.org/Style/XSL
http://www.renderx.com/

